International Journal of Artificial Intelligence and Interactive Multimedia, Vol. 2, N° 5

Editor’s Note

The science of happiness is trans-disciplinary. Happiness is
an experience human beings have and, in consequence, its
understanding calls for knowledge from all disciplines which,
in one way or the other, deal with all facets of human lives.
Various disciplines have contributed to the development of the
science of happiness; among them: Psychology, Sociology,
Economics, Psychiatry and Neuroscience. Because happiness
research deals with human being of flesh and blood, it requires
high-level techniques to dealing with large information sets in
order to extract that information which is relevant. In the study
of happiness there are many observations —as many as persons
in the world-, there are many variables, and there are many
interrelations and synergies to take account of. In
consequence, happiness research benefits from sophisticated
models that allow for a better understanding of people’s
happiness; without losing contact with what real human beings
experience, it is important to use techniques that allow
researchers to process all the information reaching for valuable
conclusions. It is with this purpose that Computer Science has
joined the other disciplines providing its calculation powerful
tools to advance the study of happiness. It is therefore
appropriate that The International Journal of Interactive
Multimedia and Artificial Intelligence has decided to launch a
special issue on happiness showing some of the potential
contributions the discipline can make to happiness research.
The research works presented in this issue cover various topics
of interest, all related to potential contributions from Computer
Science to the understanding of happiness and subjective well-
being.

The paper of Yago Saez, Carlos Navarro, Asuncion Mochén
and Pedro Isasi, A System for Personality and Happiness
Detection, proposes a platform for estimating personality and
happiness. Numerous studies have been conducted on
happiness and personality since Hans Jirgen Eysenck defined
in 1947[1] the basic traits that delineate personality. These
works have supported the theory of individual differences
across humans with regards to personality [2], [3]; most
research has used questionnaires as a direct ways to obtain a
score for each trait (Psychoticism, Extroversion and
Neuroticism) [4]. However, there may be alternative ways to
knowing people’s personality; one highly-potential way is
through analyzing written text. This type of approach offers
numerous advantages for researchers because a substantial
amount of information about a subject’s personality profile can
be obtained without their presence or any additional specific
effort on the subject’s part. Although research on personality
profiling and analysis of the written word is part of
psychology, collaboration with computer science is necessary
to be able to use quantitative methods to analyze large
amounts of information [5]. Departing from Eysenck's human
personality theory, the authors develop a platform for
collecting text messages from social media (Whatsapp), and
for classifying them into different personality categories.
Although there is not a clear link between personality features
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and happiness, some correlations between them could be
found. In this work, the authors describe the platform
developed, and as a proof of concept, they use different
sources of messages to see if common machine learning
algorithms can be used to classifying different personality
features and happiness.

The paper of Francisco Mochdn and Oscar Sanjuan, A First
Approach to the Implicit Measurement of Happiness in Latin
America through the Use of Social Networks, aims to measure
subjective well-being in Latin America on the basis of large-
information databases that require novel information-
management techniques [6]. The paper’s goal is to verify to
what extent two radically different methods are consistent in
measuring the happiness of Latin Americans. One method is
based on the use of surveys [7], while the other is based on
inferring the feelings of social-network users from a semantic
analysis of the words used in their communications and
messages [8]. Following a previous study by Dodds and
Danforth, the researchers have developed a method that, by
incorporating a direct assessment of words, allows to measure
subjective well-being on a continuous scale from a diverse
collection of texts [9]. The method is transparent and able to
quickly process texts from the Internet.

The study of happiness requires taking into consideration
that it is a living experience that happens to persons and not to
individuals [10]. Happiness is experienced by persons who are
in society and who are living in their circumstance. Thus, the
understanding of happiness requires from incorporating a
person’s context, which implies for the need of incorporating
how people interact with others [11]. The paper of Mariano
Rojas and Ignacio Ibarra-Lépez, Happiness and Human
Relations: The Role of Materialistic Values. An ABM
Illustration, argues that a person’s happiness must be
understood as a phenomenon that emerges not only from her
individual condition but also from her place in society [12].
Understanding that a person is socially immersed implies
giving a greater role to social interactions and social structure.
The paper presents a model to take into consideration the role
of human relations. An agent-based model (ABM) is used to
illustrate the implementation of the model in understanding
people’s happiness. This allows stressing the role that social
interactions play in generating happiness within different value
contexts. In specific, the paper studies how materialistic values
influence the way rational agents end up following in their
pursuing of happiness [13]. The model recognizes that people
do interact in the generation of relational goods and their
happiness does not depend on their isolated decisions but also
on what their fellows do. The model explains how rational
people end up allocating their limited endowment of time
between working and relating; the model also assumes that
people are statically rational while they are dynamically
bounded-rational.

The research conducted by Héctor Cordobés, Antonio
Fernandez Anta, Luis F. Chiroque, Fernando Pérez, Tedfilo
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Redondo and Agustin Santos deals with Graph-Based
Techniques for Topic Classification of Tweets in Spanish. /
Topic classification of texts is one of the most interesting
challenges in Natural Language Processing (NLP) [14]. In the
field of the happiness research it is important to combine
sentiment analysis with topic classification techniques, in order
to determine the reasons why a subject express happiness or
sadness. Topic classifiers commonly use a bag-of-words
approach, in which the classifier uses (and is trained with)
selected terms from the input texts [15], [16]. The work
included in this special issue presents techniques based on
graph similarity to classify short texts by topic [17], [18]. A
prototype classifier was developed and was used to participate
in the topic classification challenge of the Workshop on
Sentiment Analysis at SEPLN in- 2013. For topic
classification, a set of Twitter messages (tweets) in Spanish
were provided. The authors build graphs from the input texts,
and then use properties of these graphs to classify them.

The work of José Manuel Saiz-Alvarez, Alicia Coduras
Martinez and Carlos Cuervo-Arango  Martinez, An
Entrepreneurial Well-being Model based on GEM Data for
Spain, focuses in the consideration given to entrepreneurship
as a determinant of well-being [19], [20]. The authors present
a venture-based model in which satisfaction of Spanish
entrepreneurs with their professional life is performed. More
specifically the paper studies the relationship  between
entrepreneurship and well-being using Global
Entrepreneurship Monitor (GEM) data. The results show that,
for the Spanish case, there is a strong consistency en the
results, the opportunity entrepreneurs present greater
satisfaction then necessity entrepreneurs

Dr. Francisco Mochén.
Dr. Mariano Rojas.

REFERENCES

[1]
(2

Eysenck. H.J, Dimensions of Personality, 1947.

Goldberg, L. R. (1981). Language and individual differences: The
search for universals in personality lexicons. In L. Wheeler (Ed.),
Review of Personality and Social Psychology, Vol. 2. Beverly Hills, CA:
Sage.

Ivanov. AV, Riccardi. J, A, Sporka. J and Franc. J, “Recognition of
Personality Traits from Human Spoken Conversations,” Annual
Conference of the International Speech Communication Association,
2011.

Eysenck, H.J. and Eysenck, S. B. G., 1985. Revised Eysenck
Personality Questionnaire (EPQ-R)

Polzehl. T, Moller. S and Metze.F. Automatically Assessing Acoustic
Manifestations of Personality in Speech, 2010.

[6] Kahneman, D., Diener, E. and Schwarz, N. (1999). Foundations of
hedonic psychology: scientific perspectives on enjoyment and suffering.
New York: Russell Sage Foundation.

Diener, E, Emmons, R.A, Larsem, R.J. and Griffin, S.A.The
Satisfaction with Life Scale. Journal of Personality Assessment, 1985,
49,1, pp 71-75.

Dodds, P. and Danforth, C. (2009). Measuring the Happiness of Large-
Scale Written Expression: Songs, Blogs, and Presidents. Journal of
Happiness Studies. doi:10.1007/s10902-009-9150-9.

Frank M., Mitchell L., Dodds P., and Danforth C. 2013. Happiness and
the Patterns of Life: A Study of Geolocated Tweets. Scientific Reports
2013. Vol. 3, No: 2625, doi:10.1038/srep02625

E. Deci and R. Ryan, Intrinsic Motivation and Self-Determination in
Human Behavior, New York: Plenum Press, 1985.

(31

(4]
(5]
(6]

(71

(8]

(9]

[10]

[11] J. Coleman, “Social Capital”, in Foundations of Social Theory, J.

Coleman, Comp., The Belknap Press of Harvard University Press, pp.

300-324, 1990.

M. Rojas, “Happiness in Mexico: the importance of human relations”,

in Happiness across Cultures: Views of Happiness and Quality of Life

in Non-Western Cultures, H. Selin and G. Davey, Eds., Springer, pp.

241-252, 2012.

L. Blume and S. Durlauf, “Identifying social interactions: a review”, in

Methods in Social Epidemiology, J. Oakes and J. Kaufman, Eds.,

Jossey-Bass, San Francisco, 2006.

Mihalcea, R. and P. Tarau. 2004. TextRank: Bringing order into texts.

In Proceedings of EMNLP-04and the 2004 Con ference on Empirical

Methods in Natural Language Processing, July.

Brin, Sergey and Lawrence Page. 1998. The anatomy of a large-scale

hypertextual web search engine. Comput. Netw. ISDN Syst., 30(1-

7):107-117, April.

Hassan, Samer, Rada Mihalcea, and Carmen Banea. 2007. Random

walk term weighting for improved text classification. International

Journal of Semantic Computing, 1(04):421-439.

[17] Blanco, Roi and Christina Lioma. 2012. Graph-based term weighting
for information retrieval. Informationretrieval, 15(1):54-92.

[18] Thakkar, Khushboo S, Rajiv V Dharaskar, and MB Chandak. 2010.

Graph-based algorithms for text summarization. In Emerging Trends in

Engineering and Technology (ICETET), 2010 3rd International

Conference on, pages 516-519. IEEE.

Binder, M. & Coad, A. (2013): “Life Satisfaction and Self-employment:

A Matching Approach”, Small Business Economics, vol. 40, n. 4, pp.

1009-1033.

Lofstrom, M. (2013): “Does self-employment increase the economic

well-being of low-skilled workers?”, Small Business Economics, vol.

40, n. 4, pp. 933-952.

[12]

[13]

[14]

[15]

[16]

[19]

[20]



